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Imagers: Passive Microwave Precipitation Detection and Convective/Stratiform Classification — PMW CLASS
Importance mmim ot GMiI-s peC ific PM W_C LASS

understanding of the sources of bias. This issue is particularly
pertinent during El Nifio and La Nifia events, where regional
Henderson and differences between the TRMM retrievals lead to large discrepancies

Kummerow, 2017 “A when averaged over the tropical oceans.” ® ®
Regime-Based Evaluation “Through the evaluation of multiple case stu.dies, biases in rain-rate estim.ates D e v e o m e n t
of TRMM Oceanic Jrom the TRMM radar (PR) and radiometer (TMI) are best explained
e ) when derived as a function of precipitation organization (e.g., isolated
Precipitation Biases”

Motivation

Physically-based retrievals are critically dependent on the assumptions
that went into building the retrieval database (the relationship between

1 vs organized) and precipitation type (convective vs stratiform)”
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< Retrieval Algorithm

i) developing the ability to distinguish the dominant
type within each satellite Field-Of-View (PMW CLASS)

ii) the design of appropriate retrieval databases that

S GPROF Rain Rate distribution for the PMW _CLASS types

Squall Line:
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